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selectivity = []

for i in df_hdacé_4[ 'RATIO HDAC6 4']:

if 1 = 8.5
if 1 <= -0.5

: selectivity.append(1)
: selectivity.append(8)
if 1 > -6.5 and i ¢ 0.5 : selectivity.append(-1)
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DESCRITTORI
MCC FINGERPRINT MOLECOLAR]

SupportVectorMachine 0.947 0.840
GradientBoosting 0.937 0.919
KneighborsClassifier 0.947 0.947
R | FINGERPRINT DESCS.MOL. | DESCS.MOL.SCAL
SupportVectorMachine 0.783 0.739 0.777
KneighborsClassifier 0.784 0.716 0.734
RandomForest 0.759 0.773 0.742
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